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[ Abstract ]

to make a diagnosis due to complicated pathogenesis, which is a major challenge in daily clinical work. In recent years, rapid

The incidence rate of vertigo-related diseases is high, involving multiple systems of the whole body. It is difficult

development of artificial intelligence technology has gradually become one of the important tools in the clinical diagnosis and treatment
of vertigo-related diseases. In this article, the application of artificial intelligence in the diagnosis, evaluation, and treatment of vertigo-
related diseases and recent progress and frontiers of artificial intelligence in vertigo-related diseases were reviewed, the advantages and

disadvantages of artificial intelligence in the diagnosis and treatment of vertigo-related diseases were identified, and the development

prospects and directions of artificial intelligence in the diagnosis and treatment of vertigo-related diseases were predicted.
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