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Application of deep learning technology in the diagnosis of gastrointestinal stromal tumors
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Abstract Gastrointestinal stromal tumor (GIST), with a certain malignant potential , are currently the most common subepithelial tumors
of the gastrointestinal tract. Early diagnosis and prediction of malignant potential are very important for the formulation of a treatment plan
and determining the prognosis of GIST. Deep learning technology has made significant progress in the diagnosis of digestive tract diseases,
and it can also effectively assist physicians in diagnosing GIST and predicting their malignant potential , preoperatively. The application of

deep learning technology in the diagnosis of GIST includes CT, gastrointestinal endoscopy and endoscopic ultrasound. This paper aims to

review the application of deep learning technology in the diagnosis and prediction of malignant potential of GIST.
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