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Research progress of artificial intelligence-based radiomics in

screening , diagnosis , treatment and prognosis of liver cancer

LI Beijia ,ZHANG Huiru
(College of Medical Imaging and Laboratory, Jining Medical University, Jining 272067 , China)

Abstract: The traditional imaging diagnosis of liver cancer usually relies on the visual observation of the diagnosti-

cian,and the information obtained is subjective and limited , which makes the early accurate diagnosis face great challen-

ges. By extracting quantitative feature information with high throughput and using high-dimensional data to depict medical

images ,radiomics can identify pathological features efficiently and accurately. By combining large volumes of image data

extracted by radiomics with artificial intelligence algorithm ,the model can be developed to further enable to automatically

screen the best selection in the database and extract the feature information,and perform predictive analysis. And then a

precise diagnosis and treatment system can be built. At present,the application of radiomics artificial intelligence model

in liver cancer covers the screening, diagnosis, pathological typing and grading treatment, efficacy evaluation and recur-

rence prediction of tumor lesions. This paper reviews the progress of artificial intelligence-based ultrasound , CT and MRI

in the clinical application of liver cancer.
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