H53E M2 HLP R 4R Vol. 53 No.2
2024 %3 H Journal of University of Electronic Science and Technology of China Mar. 2024

BT R IBFELELH 8 3D AR

T #F" &fFEHF ML, AR

(. BTRHORY (F 8 5 TR, A 610054; 2. oAt [X it 75 B B R BT TERE,  WME4T 844000)

BE 3D ARSI AV AR TR AR S, Pointnet IREFEFIMAET EEZHAFME, FAT 3D L5
SRR, Bh TEZHBELZ BT AT, RELHFEREZNI LT LTOARRAN. 425 L, AT
Pointnet 32 38 T —F By 3p 4 fu#638 F, A FHE 5 Z B3 R 69 JUATIHAE, FF 5] N RAEHAEIE IR ALA], 8 4 AERR R 5 A7 38
BAR KT E, EAH BER Y R BRI S0 TR, A RARAER G EHFE. £ HIE L CASIA-3D.
Lock3DFace. Bosphorus E#4T 5 8m)iX, 48R AP ZH kR st RE T, BB A BRI ER G TN, £HA
T HAEAE ST RP-Net 1.1%, JFEA RIF6g Lo,

KR 3D ARIRA; REF ] BIAFAEMLE T, HENER, SEHE

FE4s5ES  TP39I1 WHERERE A DOI 10.12178/1001-0548.2023012

3D Face Recognition Based on Key Feature Enhancement Mechanism
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Abstract 3D face recognition is an important part of the field of computer vision. Pointnet relies on deep
learning to solve the disorder of point clouds and realize the global feature extraction. However, due to the lack of
detailed texture of point clouds, it is difficult to realize face recognition in complex situations only by global
features. In deal with the above problems, a local feature descriptor is proposed to describe the local spatial
geometric features of the point clouds, and a key feature enhancement mechanism is introduced to enhance the key
features of the face through the probability distribution, which can reduce the interference of unnecessary features
and effectively improve the accuracy of the model. Experiments were carried out on public data sets CASIA-3D,
Lock3DFace and Bosphorus. The results show that our method can deal well with the change of expression, partial
occlusion and interference of head pose, especially in weak light conditions, compared with RP-Net, the accuracy is
improved by 1.1 percent, and the method also has good real-time performance.
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