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Fig. 1 Schematic diagram of the distribution of sedimentary systems in the southern part of the Songliao basin
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Fig. 2 Seismic profile of the Qingyi section in the Daqingzijing area
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Fig. 3 Relationship between typical sand body overlay patterns and seismic waveforms
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Fig. 4 Schematic diagram of self —organizing neural network operation
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Fig.5 Waveform classification attribute diagram
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Application of neural network seismic waveform classification technology

in thin Sand Body prediction

WANG Lei', YUAN Lichuan', MENG Qingyan®, KE Qin', WANG Cunsheng®,

WANG Yuzhu', WANG Siyu', LIU Binying'
072750, China;
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Abstract: Due to the resolution of seismic data, there is uncertainty in the prediction of thin sand bodies. A seismic wave-

form is formed mainly by two or more sand body superimposed interference stages. Therefore, it is difficult to accurately de-

scribe single— stage sand bodies with conventional properties such as amplitude and frequency. In this paper, the neural net-

work seismic waveform classification technology is used to study the variation law of seismic waveforms under different sand

body superposition modes, and the typical sand body superposition pattern in the study area is established, and the appropriate

time window is selected for self —organizing learning of seismic waveforms, according to the time window. The spatial distribu-

tion of different seismic waveforms and the planar heterogeneity characteristics of different sand body superposition modes are

described in detail. The method was applied to predict the thin sand body of the Qing section III sand group in the Daqingzijing

area in the southern Songliao Basin and achieved good results.

Keywords: neural network; seismic waveform classification; thin sand body; overlay mode



