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Application of machine learning in the diagnosis and treatment of chronic hepatitis C
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Abstract: With the development of artificial intelligence , machine learning has shown great potential in the field of medical health.
Machine learning conducts a comprehensive analysis of patient data including clinical features, blood tests, and imaging
examinations and establishes corresponding mathematical models to achieve the diagnosis and treatment of diseases and the
prediction of disease conditions, thereby guiding disease management. With reference to the latest research findings, this article

reviews the application of machine learning in chronic hepatitis C and related research advances.
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