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[ Abstract]
between groups using a hazard ratio (HR). Moreover, restricted mean survival time (RMST) has attracted more and more

Objective In clinical follow—up studies, it is the most common method to quantify treatment differences

attention. However, the current statistical inference method based on RMST is mainly used for the comparison between two
groups. Methods In this paper, three RMST tests between multiple groups are proposed, including naive, logarithmic
transformation and complementary logarithmic transformation. Monte Carlo simulations were performed to evaluate the type I
error and power, and a case study was performed. Results Based on the type I errors obtained by Monte Carlo simulation and
the test performance results, it is shown that the proposed RMST test can deal with the problem of multiple sets of comparisons,
especially the complementary logarithmic transformation method is the most robust. Conclusions For the multi — group

comparison of survival data, if the time scale index is considered, the RMST multi—group test by the complementary logarithmic

transformation method is recommended.
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