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[ Abstract]  Objective
experiments were conducted to compare the effect and applicable conditions of different trajectory analysis methods under
Growth mixture modeling ( GMM )
performed best in single trajectory analysis while group—based trajectory modeling (GBTM) and cluster analysis were able to

To introduce and compare different trajectory analysis methods. Methods  Simulation

different scenarios. Dataset of SPRINT was analyzed using these methods. Results

analyze multivariate trajectory. Cluster analysis had strict requirements on follow —up data. Conclusion

Each of these three

methods has its own advantages, and the appropriate method can be selected according to the specific situation of the dataset.
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