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[ Abstract)
comparing it with the traditional models. Methods

Objective  Apply the Zero-inflated ordered logit model and explore its advantages and limitations by
Univariate analysis of each independent variable was performed, and the
corresponding model evaluation indicators such as log likelihood, AIC, and BIC were calculated. According to the results of these
indicators, the respective variables were incorporated in turn and formed different sets of independent variables. The ordered logit
model, generalized ordered logit model, and Zero-inflated ordered logit model were used to fit the data based on these different
sets of independent variables, respectively. The models were evaluated by comparing the model evaluation indicators and parameter
estimation results. Results According to the model evaluation indicators, the Zero-inflated ordered logit model performed better
than the traditional models. The parameter estimation results of the Zero-inflated ordered logit model based on different sets of

independent variables are highly consistent. There are differences in the parameter estimation results of different models.

Conclusion

The Zero-inflated ordered logit model has good performance in application. Model evaluation indicators from

univariate analyses can be used to help filter the set of independent variables that make the model’s performance optimal.
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