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Recursive Pyramid Semantic Segmentation Method Based on
Autopilot Aerial View

GAO Hongwei,ZHAO Boyang

( Shenyang Ligong University , Shenyang 110159 ,China)

Abstract: A recursive pyramid semantic segmentation method based on bird’ s-eye views( IRFPN)
is proposed to address the issues of poor feature extraction,outdated perspective conversion meth-
ods, and poor semantic segmentation performance of existing bird’ s-eye views( BEV ) semantic seg-
mentation methods for autonomous driving scenarios. The traditional feature pyramid extraction net-
work includes three parts; bottom-up ,top-down , and horizontal linking ,and the effectiveness of fea-
ture extraction needs to be improved. In terms of bird’ s-eye perspective conversion, the relevant se-
mantics cannot be preserved wellonly by using traditional inverse perspective transformation to
process images captured by car mounted cameras. To overcome these shortcomings,a recursive fea-
ture pyramid structure and polar ray mapping are combined. The experimental results show that IR-
FPN has improved the accuracy of common categories in the nuScenes dataset by 0. 4% and the
prediction accuracy of driving areas by 2. 1% . It can be concluded that recursive feature pyramids
are better than traditional pyramid feature extraction networks, with better retention of semantic fea-
tures in various common traffic environments, and better robustness to complex traffic environ-
ments.
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pilot; polar ray mapping
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