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Pointer Trajectory Recognition with Improved DeepLabV3 + Network
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Technology Research Institute Co.,Ltd.,Shenyang 110179 ,China)

Abstract; Pointer-type mechanical recorders are usually used to record images of vibration trajecto-
ries during the transportation of precision equipment. In order to better monitor the impact of vehi-
cle bumps on instruments and equipment during transportation,a semantic segmentation method of
pointer trajectory images with improved DeepLabV3 + network is proposed. Firstly, the backbone
network is replaced with MobileNetV3 to realize the lightweight of the model. Then the 4-fold up-
sampling in the decoder is replaced with 2 times 2-fold upsampling to enhance the continuity of pix-
els in the image, which makes the predicted results closer to the original image. The results show
that the average intersection ratio( MIoU ) of the improved DeepLabV3 + network reaches 85.84% ,
which is 3.57% higher than that of the original DeepLabV3 + network,and the number of detected
images per unit time ( FPS)increases by 3. 58 s~'. The improved DeepLabV3 + network has obvi-
ous advantages in recognition accuracy and speed, which can provide data support for precision in-
strument detection.
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