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Contour Feature Target Recognition Algorithm Based on DTW

SONG lJianhui,HAO Yiquan,LIU Xiaoyang,ZHAO Yawei

( Shenyang Ligong University, Shenyang 110159 ,China)

Abstract; In order to improve the real-time performance of traditional target recognition algo-
rithms, a contour feature target recognition algorithm based on DTW ( Dynamic Time Warping ) is
proposed. The algorithm combines the centroid height incremental feature descriptor with the DTW
similarity measurement algorithm. It first extracts the sample points uniformly from the target con-
tour,and then extracts the centroid height incremental features of the target image and the template
image contour point. And then the DTW algorithm is used to find the regular path to measure the
similarity of the feature matrix of the target image and the template image, define the shape com-
plexity at the end,and combine the secondary matching of the flipped targets to obtain the final rec-
ognition result. The experimental results show that the proposed algorithm can boost the real-time
expression of target recognition in MPEG-7 and Kimia99 data sets, while ensuring that the recogni-
tion rate is better than most common traditional target recognition algorithms.
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Fig.1 Diagram of centroid height increment feature
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Table 1 Comparison of the time complexity of some

algorithms
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Fig.3 Accuracy-recall curves of different algorithms
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Table 4 Recognition results of Kimia99 test set under

noise pollution
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