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SIFT Image Stitching Algorithm Based on Phase Correlation
and Harris Texture Classification

TAO Lei , HAO Xiaoli » WANG Songtao , ZHANG Lei, TANG Zetian'
(School of Physics and Electrical Engineering, Liupanshui Normal University, Liupanshui, Guizhou 553004, China)

Abstract: Aiming at the problem of large computation of traditional scale invariant feature transform(SIFT) algorithm.
this paper proposed a SIFT image stitching algorithm based on phase correlation and Harris texture classification. Firstly,
the phase correlation method is used to obtain the overlapping region of the image to be stitched. Secondly, the Harris corner
point response function is used to calculate the texture complexity of the image to be stitched, and the image is divided into
strong texture region and weak texture region by setting the threshold. Finally, the SIFT algorithm is used in strong texture
areas for feature point detection, descriptor generation, and feature point matching to achieve image stitching. Experimental
results show that compared with the traditional SIFT algorithm, the average stitching speed of the proposed algorithm is in-
creased by 85% ; Compared with the existing SIFT algorithm, the average splicing speed of the proposed algorithm is in-
creased by 20%. Therefore, the proposed algorithm has potential application value in the field with high requirements for
splicing efficiency.
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