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Informed RRT * Path Planning Method Based
on DBSCAN and B-spline Curves

WANG Weigiang, HUANG Tingting’
(School of Automotive and Traffic Engineering, Wuhan University of Science and Technology » Wuhan, Hubei 430065, China)

Abstract: In the unstructured scenario of multiple obstacles, the traditional Informed RRT * algorithm has the prob-
lems of low computational efficiency and poor path smoothness. In this paper, we propose an Informed RRT % path planning
method based on density-based clustering (DBSCAN) and cubic B-splines. Firstly, an obstacle clustering method based on
DBSCAN algorithm was designed to simplify the unstructured scenario of multiple obstacles. Then, a smoothness method
based on cubic B-spline is proposed, which reduces the average curvature of the generated path and increases the smoothness
point of the path. Finally. the simulation based on MATILAB was carried out to find a smoother path. The results show that
the improved Informed RRT * algorithm proposed in this paper is 28. 54% more efficient than the traditional algorithm in
the unstructured scenario with multiple obstacles, and the path maximum smoothness optimized from 0. 14 to 0. 12, which a-
chieves remarkable results.
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17.return T
18.end
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