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Abstract: In order to improve the accuracy of anomaly detection of transformer timing data when there are only a few samples in practice,

this paper proposes a power transformer noise signal based on the Seasonal Hybrid ESD (Seasonal Hybrid ESD, SH-ESD) inspec-

tion algorithm. It analysises method to locate the abnormal collection point of the original noise signal. Based on the measured

sample sets data of the main transformer of a 500 kV substation, the method in this paper is compared and analyzed with the

Prophet method. The results show that the method has a high accuracy of 99.67% in detecting outliers in small sample data,

which provides a method for the application of noise in the operating state of power transformers.
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