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Abstract: When analyzing the movement posture of athletes, it is necessary to use a motion capture system to capture their movements.

However, due to the camera's perspective, the entire experimental area cannot be covered during the collection process, resulting

in missing marker points in the collected data, which is inconvenient for later analysis of the movement data. This article is based

on the Qualisys motion capture system to collect skiing data from athletes. In response to the situation of missing non same joint

dual marker points, a fully connected neural network with residual structure is used to train the collected data, thereby completing

the missing marker points that the camera did not collect. This is of great significance for analyzing the movement posture.
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