P &
LRI
Survey

(BMHRARSRAY 2025 F55 44 H556 B

DOI:10.20033/j.1003-7241.(2025)06-0001-04

E%FMW*E&%&MWHﬁ%

W B

INLZAEBARBAZBE, 78 T 510925)

B Z=:IUREYNE T RA R T HSE AL 55 Frfa i B 20 B , FAE AR S8 o s o B, AR A R i R 1 iR Ik
CEAFHUBRETEAL 2R T 0L DL R0 AR o S T DB/ TUAR AU B A 3 o A2 AL P T R A T ] , B2 o i e A2
WIZ B ARSI , & eI AR 2 T TR BENUR R e R B A MR AT T Tk SRS e SRR TUAR AU B F i e e A2
HRSEME AN T AT , 00 FIHE AN R FEAL I IR LB . foei, R T AR TUR BERUMCE BT T2 7 [0 A A g %

SRERR] - R AR A s TOAR AR s AR )
RS TPIS3; TP242  SCERARIRAG : A

CEE RS- 1003—7241(2025)06—0001—04

Review of Obstacle Avoidance Path Planning for

Redundant Manipulator

JIA Zhao-li, QIU Jie-yu, TI Yuan-yuan, CHEN Xiao-ying, HU Wei
( Guangzhou Institute of Technology, Guangzhou 510925, China )

Abstract: Redundant manipulator is more and more used in complex working environment because of its high flexibility. To enhance the ef-

ficiency of redundant manipulators in obstacle avoidance path planning and to increase the precision of such planning, we summa-

rize the algorithms and characteristics associated with redundant manipulators in this context. The methods for obstacle avoidance

path planning and strategies for redundant manipulators are summarized, followed by a classification and discussion of the advan-

tages and disadvantages of these obstacle avoidance planning methods. Finally, the emerging trends and research focuses regard-

ing redundant manipulators are examined.
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