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Application of BiMcGRU in Medical Record Naming Entity Relationship Recognition
HU Zhijian
( Fujian Medical University Union Hospital, Fuzhou 350001, China )

Abstract: To improve the effectiveness of medical record entity naming, a study is conducted to improve the flat lattice transformer (FLAT)
model based on vocabulary augmentation, and to improve the traditional named entity recognition system using the bi directional
Multi cell GRU (BiMcGRU) model based on bidirectional neural network improvement. In the dataset of cerebrovascular diseas-
es, compared to traditional FLAT models, the introduction of Chinese radical features improves the accuracy, recall, and F1 value
of the FLAT model by 0.91%, 0.73%, and 0.82%, respectively. In the two experimental datasets tested, the F1 values of the medi-
cal record naming entity model based on multi task learning are 89.34% and 91.53%, respectively, which are higher than the F1
values of the multi task BERT BiGRU ATT-CRF model. This indicates that the BIMcGRU model can improve the effectiveness
of multi task training and recognition, providing a new method for medical record naming recognition.
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