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Day-ahead Electricity Price Forecasting Method
Based on IMIFS-VMD and ROA-LSTM
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Abstract: In order to deeply excavate the features and information contained in the electricity price series and further improve the accuracy
of the day-ahead electricity price, a hybrid day-ahead electricity price forecasting model based on improved mutual information
feature selection (IMIFS) , variational mode decomposition (VMD) and red kite optimization algorithm (ROA) is proposed, first-
ly, the original multivariate feature set is reduced by IMIFS, and the feature set containing the least dimension and abundant infor-
mation of electricity price is extracted. At the same time, the VMD is used to decompose the electricity price series effectively,
secondly, ROA is introduced to optimize the threshold and weight of LSTM to improve the global search and local search ability
of the algorithm, the results show that the proposed models Xewse, Xuar and R are 2.532 yuan/(MW-+h), 1.956 yuan/(MW-h) and
98.06% respectively, compared with other electricity price forecasting models, it has higher forecasting precision.

Keywords: day-ahead electricity price forecasting; improve mutual information feature selection; variational mode decomposition; long short

term memory; red kite optimization algorithm
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