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Detection of power safety tools and instruments based on computer vision
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Abstract: During the construction and daily safety inspections inside the substation, the safety of workers is crucial. Whether the safety
tools and instruments used on site are fully prepared directly affects the safety of personnel’s lives. This article proposes a recognition
scheme using computer vision and proposes an improved neural network recognition method for safety tools based on YOLOVS, which is
used for safety tool detection in power plants. Firstly, a coordinate attention module is added to the original YOLOVS to enhance the ability
to extract small target features. Secondly, it replaces the original feature pyramid network structure with a weighted bidirectional feature
pyramid network structure to further enhance the feature extraction capability. The experimental results show that the improved algorithm
improves the problem of easy missed and false detection of small targets in the original network, and maintains high recognition accuracy for
medium and large targets. It has strong practicality and can also meet the requirements of real-time detection, playing a safety guarantee role
in actual construction and operation on site. Through experimental comparison, this method has shown good practical results in real-time
detection of safety tools.
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