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Intelligent classification of hospital financial data based on

Stacking integration algorithm
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Abstract: With the explosive growth of data information, hospital financial management is facing enormous challenges. In order to identify

abnormal financial data in hospitals, this study constructs a primary classifier consisting of random forest, support vector machine, extreme

gradient boosting tree, and K-nearest neighbor model, and Logistic regression as an intelligent security management classification model for

secondary classifiers. The results show that the ensemble model’s classifier had the best overall performance, at 94. 02%. Compared with

the extreme gradient boosting tree model, the integrated model improves performance by 23%. Basic income, as an obvious feature, makes
it easier to identify anomalies in hospital financial data. The designed model has high classification accuracy and stability, which has certain
theoretical significance and practical value for hospital financial management departments.

Keywords : hospital financial data; abnormal recognition; Stacking algorithm; data security; intelligent classification; logistic regression;

random forest; support vector machine
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