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Intelligent recognition method of typical tree species in multi-vegetation
area of transmission corridor

DENG Kaifeng, PU Yang
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Abstract ;. There are dense trees around the power transmission corridor, which can obstruct and overlap with each other, resulting in blurred
boundaries of trees in remote sensing images and increasing recognition difficulty. To this end, a method for intelligent identification of
typical tree species in multi vegetation areas of power transmission corridors is studied. It Utilizes unmanned aerial vehicle remote sensing
system to collect remote sensing images of multi vegetation areas in the power transmission corridor and implement preprocessing. It
performs single tree segmentation on drone remote sensing images, extracts spectral and texture features for each single tree area, and
constructs a multi-dimensional feature space, which is input into AdaBoost In the strong classifier constructed by the M1 algorithm,
intelligent recognition of typical tree species is achieved. The experimental results show that the research method identified a total of 9 tree
species in the study area, with the majority being Betula platyphylla and Ginkgo biloba, demonstrating the applicability of the method. The
Kappa coefficient of the studied method is the highest, at 0. 858, indicating that the method has high accuracy in intelligent recognition of
tree species.
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Fig. 1 Process of single wood segmentation based on threshold
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Working parameters of UAV remote sensing system
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Tab.2 Table of spectral and texture features
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Tab.3 Intelligent recognition results of tree species
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Tab.4 Comparison table of Kappa coefficients
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