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Abstract: In order to improve the utilization of anesthesia data in hospitals, anesthesia data processing model integrating is designed that
integrates chi square statistics and improved multilayer perceptron (CSS-IMP) by combining chi square statistics and improved multilayer
perceptron. The model classifies input data by calling chi square statistics, and then uses a semantic interpolation based improved multilayer
perceptron to establish a data mining model. The results show that the constructed model achieved an effective mining volume of 9 805 and
8 750 on the DEMSET and REPSET datasets, respectively, after 2 000 iterations. In practical applications, the correlation ratio between
different departments is increased to 0. 79. The above results indicate that the anesthesia data processing model that integrates chi square
statistics and improved multilayer perceptron has strong data mining capabilities and can output highly universal processing data, which can
promote the sharing of overall anesthesia data in hospitals.
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Fig. 1 Basic logic of chi square statistics

WA T 7 I R AR BT Ak 3R B R AE B i, LA

B[R] TE] BRI A DGR SR . R e T e T
SEELGET Iy ) 14 728 I, DA R A DG d5 ik 1) 5090 AH . 2
51, 58 B PR S B AR A AL AR AR R K = )
AR G B R/ IV B PH 31 28 A gl , L3RR =
P(x, 1 y,)
MI(xi,yi)=log( P(x) ) (3)
Ao, MI R $8 & RN Z A 32 5325 P ol s i i
AR (x,,y,) ARERIENC R AR PRME, 8TH 5280 Z )
(1) 26 ZRPEAS [RIRE T DL B3 B3R HA R A
P(w, | C;)

o)
AXN
xlOg((A +B) x(A+C)) (4)
Al DU Y, Y — A — 20 B By
B, A AT RE P BOLAC BB g 20, BT 25 AE B
AR, A s AR R £ B AT R DEAG o 15 B
AT AT 3R]V A 2800 v ) R A AR, o SO

Entropy(X) =- Zp(xi)IOg(p(xi)) (5)
A, Entropy fUFFE & RN AE B85 5 p AR B
WS, — 2] BB AN DR AR, D 2 1)V A
P ) AR A7 AR A S R K Y i e Y
YREAE Z2 I, 130 ST 2 1) ) 0 P 52 i A K, DT AT LA
Xf HR 0 2 py AR L TR S R R AR 2
LB AL NN I D R 33 RVAIOE- S ke S 2 W s
B RRAE S BRI | W7 X g 4 HL G HIBE 19 B 56 JRR B
P HEATREIRIAGN , IO 5 I RRAE 43 28R P, DU X
HEAT L3 BT AL 2
1.2 HiRESIEER

TE ¢ BB (A AR O B 2 J5 | 7 28— T 3 Ay Jak
VB A ST 3 2 J5 0 B AT 42 408 0 A o 8 R 9T LN 1)
Grireh, H B —Fh 2 2N S5 48, HL AT DO 43 SRR 1Y
WRZEH RE R T IE, AR B 5682 17 41
K F I BHEFAE ST I G RLR, DA SE USRI 2 F0 ) LT
MR TIRE" o Z RN F B e B i K Ak
PHEE BRI AR B R 5 IS 8 o R K, o
Bl (6) Fomh

Vector, = (0,0,---,Val,,---,0) (6)
1, Vector fRFR KK 5 Vector 2 FL—F 5| I [i1] P 114
FrEA . R (6) rRIAMAEXRRET, BRI T2
P RAE— B E , WK AR R S YRR E &= B 0, It
SEHLRNC AR R S A bR BRI & H e, — R R
H5E T (T) £ R

VT = 2 Vector, (7)
=0

U VT AR R AE K22 P BTG P B 2 T2
S 2 A 1 VB e o W A T 2 , LA 25
Hatme 2 i

MI(w,,C,) = log(




H s 1k £ R 5 8 H

120 Techniques of Automation and Applications 2026 4F #8545 % 5511
R ) = (9) fron, &A1) % o8 4 il AT 3 R (B H 5 38

= ot A TR T LT S L e o B 7 R 1

v O b AR S AR A AR ) R/ INAS W R R I 2 O RN

Wiz O 1], LI 5 2 A A B B AR o i L b Rl s,

maEmt gl X
[ RARAC L Y

B2 sEBMBHELREN
Fig.2 Basic structure of multilayer perceptron
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Fig.3 Input layer transformation process
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Fig.4 Comparison of effective data mining results
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Tab.2 Information source of anesthesia data
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Fig. 5 Comparison of departmental connectivity
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