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Abstract: In order to solve the problem of scarce and incomplete fault and abnormal data in power system and improve the accuracy and
real-time prediction, a multi-domain knowledge fusion model is proposed in this paper. The feature extraction capability of convolutional
neural network combined with related memory mechanism is used to improve the accuracy of knowledge graph linkage prediction. By
revealing potential complex correlations through knowledge graphs and identifying possible risk points, the CombE model is used in
combination with 1D and 2D convolutional embeddings for link prediction. The results showed that compared to the baseline model TransE,
the proposed relevant memory convolutional neural network (RMCNN) model improved its average reciprocal ranking by 25% and 150%
on FB15K-237 and WN18RR, respectively. The average reciprocal ranking of RMCNN on FB15K~-237 Hit@ 10 Compared to ConvE, it
has increased by 13% and 12% respectively. The application of this model in power system risk warning has significantly improved the
accuracy and reliability of warning, providing strong guarantees for the safe operation of the power system.
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