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Research on a work order automatic classification model integrating natural
language processing and machine learning

LI Juan, MA Qindong, LU Na, XU Shitian, SUN Puyu
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Abstract; Customer demand work orders are an important way for enterprises to collect customer feedback,and automatic classification of
work orders can improve the efficiency of staff. At present,there are problems with the automatic classification model of work orders,such
as difficulty in accurately extracting global information and slow reading speed. In order to address these issues,research combines natural
language processing and machine learning techniques, and designes classification models that combine attention mechanisms-bidirectional
long short-term memory network dual channel and convolutional neural network,as well as improves self attention mechanisms-jump gated
loop unit and convolutional neural network classification models. The results showes that the maximum accuracy of the first model is
93. 81% ,and the average mean square error of the second model is 1. 37. The research and design of classification models have good
performance and can provide technical support for automatic classification of work orders.
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Fig. 3 Structure of the SAtt-SGRU-CNN work order automatic categorization model
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