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Optimization method for cloud server cluster resource scheduling
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Abstract: To improve the resource utilization of cloud server clusters, this paper researches on optimization method for cloud server cluster
resource scheduling based on docker container and APS algorithm. It Adopts docker swarm container architecture, monitors cluster resource
nodes through Discovery Service units to obtain CPU and memory utilization of current cloud server node load. Using a linear regression
model to predict node load and calculate the weight of each cloud server cluster node, it selects cloud server nodes with the same weight,
uses the ant colony algorithm in the APS algorithm for optimization, and obtains the optimization results of cloud service cluster resource
scheduling. Based on this result, the docker swarm container starts the Leadership unit, creates a fusion and allocates the best cloud server
cluster node for users, thereby achieving optimization of cloud server cluster resource scheduling. Simulation experiments show that this
method not only has the ability to accurately predict the load of cloud server cluster nodes, but also can effectively optimize the scheduling
of cloud server cluster resources, effectively improve the utilization rate of cloud server cluster resources, and the application effect is
significant.
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Fig. 1 Schematic diagram of cloud server docker swarm container architecture
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Tab. 1 Cloud server cluster node resource configuration
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Fig.3 Prediction result of CPU utilization rate of

work nodes in cloud server cluster
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Tab.2 Cluster resource task scheduling optimization results
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Fig. 4 Cloud server cluster node task utilization
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