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Intelligent scheduling system optimization strategy integrating
deep learning and cloud computing

SU Hongzhi, ZHENG Shaoming, DONH Peng, LIU Dan, MOU Pengtao

(' North China Branch of State Grid Corporation of China, Beijing 100053, China )

Abstract: With the continuous development of cloud computing and deep learning technology, improving the performance of intelligent
scheduling systems by integrating different technologies gradually become a research focus. Based on this, the article proposes a
performance optimization solution for an intelligent dispatching and protection system that integrates deep learning and cloud computing
technology. First, based on the advantages of the algorithm, the integration ideas of deep learning technology and cloud computing
environment are systematically analyzed. Afterwards, a multi-level feedback queue scheduling algorithm is designed based on the problem of
resource management and scheduling decision optimization. Finally, the deep deterministic policy gradient algorithm is used to further
optimize the scheduling strategy to enhance the system’s adaptability to dynamic environments and decision-making efficiency. Test results
show that compared with traditional scheduling algorithms, the proposed performance optimization method significantly improves task
processing efficiency and system resource utilization, providing new ideas and technical support for research in this field.

Keywords: deep learning; cloud computing; intelligent scheduling system; performance optimization; multi-level feedback queue
scheduling algorithm; policy gradient; adaptability
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Fig. 1 Deployment and tuning process of deep learning model
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Fig. 6 Comparison of task scheduling results before
and after optimization
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