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Abstract: The burning through point (BTP) is an important parameter in the sintering process,
which directly affects the efficiency of the sintering machine. Due to the multi-working
conditions and time-varying characteristics of the sintering production process, the prediction
performance of the global model is insufficient. Therefore, a burning through point prediction
model using XGBoost as a local model in the just-in-time learning framework is proposed,
namely JITL-XGBoost. Firstly, the KL divergence similarity measurement method is used to
extract the characteristics of the sample to be tested, and the most relevant data set of the sample
to be tested is selected. Secondly, this dataset is used as input to the XGBoost model to predict
the location of the burning through point. In addition, the impact of related dataset numbers on
model prediction accuracy and model computation time is considered. Finally, by comparing
with other models, the results show that the model built has the best prediction accuracy within a
reasonable time, providing new guidance for improving the efficiency of sintering machines.

Key words: sintering ore; burning through point; prediction model; just-in-time learning;
extreme gradient boosting
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Fig. 2 Results of box plot method for identifying abnormal data points
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