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FeO Content Prediction Model in Sinter Based on GA-
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Abstract: In order to solve the problems of traditional sinter quality prediction model, such as
using single feature selection method and having no background of process mechanism, which
results in low model prediction accuracy and lack of interpretability, a GA-BiLSTM prediction
model with feature optimization is proposed. First, the optimal feature set is selected through
various feature selection methods and combined with the sintering process mechanism, then GA
is used to optimize BiLSTM, and finally the optimal feature set is used as the input of the GA-
BiLSTM model to predict the FeO content in sinter. The GA-BiLSTM model with feature
optimization was compared with other models. The results show that the prediction error of the
established model is low, and the prediction accuracy for FeO mass fraction in sinter is as high as
94% within the allowable error range of £0. 5%, which may provide a new guiding direction for
improving the quality of sinter.
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Table 3 Top 20 parameters of different feature selection methods
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Table 5 Comparison of prediction performance of FeO
content in sinter using different models
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Fig. 10 Frequency histogram of prediction error for
FeO content in sinter
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