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STUDY ON SLOPE STABILITY PREDICTION METHOD
BASED ON EO-LIGHTGBM FUSION MODEL

BAI Long-fa, .1 Bao-zhu,SHI Peng-cheng

Abstract:  Slope stability prediction is a key link to ensure the safety, economy and
environmental protection of slope engineering. Through a series of data, the stability state of
the slope is predicted, which not only avoids complex calculations, but also better
understands the stability of the slope. Based on this, this paper proposes a slope stability
prediction method based on EO-LightGBM model, and realizes the prediction of slope
stability by learning the relationship between the six characteristics of slope gravity,
cohesion, friction angle, slope angle, slope height, pore pressure ratio and stability state. In
addition, the reliability of the EO-LightGBM model proposed in this paper is verified by
comparing with other models. On the surface of the research results, the LightGBM model
optimized by EO has lower misjudgment rate and higher accuracy, which can better predict
the stability state of the slope. At the same time, it will also provide a reference for the
establishment of an intelligent decision-making control platform for slope stability based on

data-driven.
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