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Construction of a nomogram for predicting the risk of axillary lymph node metastasis in breast cancer using
multimodal imaging combined with clinicopathological features
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[Abstract] Objective To investigate the application value of a nomogram constructed based on multimodal
imaging consisting of ultrasound (US) , magnetic resonance imaging (MRID) , and mammography (MG) combined
with clinicopathological features for predicting the risk of axillary lymph node metastasis (ALNM) in breast cancer.

Methods A retrospective analysis was conducted on 332 female breast cancer patients who were treated at the Second
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Affiliated Hospital of Harbin Medical University, Linyi People's Hospital in Shandong Province, and Harbin Medical
University Cancer Hospital from 2018 to 2025. All patients were randomly divided into a training set and a validation
set at a ratio of approximately 7: 3. Preoperative multimodal imaging characteristics consisting of US, MRI, and MG
as well as clinicopathological features were collected. Two models were constructed by using Logistic regression
analysis to screen features associated with ALNM: a prediction model based on multimodal imaging and
clinicopathological features (multimodal imaging-clinicopathological model) , and a prediction model based on
multimodal imaging characteristics and clinical data (multimodal imaging-clinical model). Receiver operating
characteristic (ROC) curve, calibration curve and the decision curve analysis were used to evaluate the efficacy of the
nomogram. Result Ill-define tumor margin and absence of the lymph node hilum on US, spiculated margin on MG,
indistinct hilar structure on MRI, and vascular infiltration were independent risk factors for ALNM in breast
cancer (P<C0.05). Multimodal imaging-clinicopathological model for predicting ALNM was constructed based on the
above features, and the area under the ROC curve (AUC) for the training and validation sets was 0.870 (95%CI:
0.824—0.917) and 0.828 (95% CI: 0.744—0.913) , respectively. Ill-defined tumor margin and absence of the lymph
node hilum on US, spiculated margin and calcification on MG, and indistinct hilar structure on MRI were risk factors
for ALNM. Based on these features, multimodal imaging-clinical model was constructed to predict ALNM, with the

AUC of 0.846 (95%CI: 0.797—0.895) in the training set and 0.807 (95% CI: 0.715—0.899) in the validation set.

Conclusion

The nomogram prediction model for breast cancer ALNM based on multimodal imaging and clinical

features has diagnostic performance equivalent to that of the model incorporating pathological features, and has the

potential to provide a reference for clinicians in formulating individualized treatment plans.

[Key words] breast neoplasms; axilla lymph node; nomogram; multimodal imaging
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A 31-year-old female patient with a mass in the upper inner quadrant of the left breast, and pathologically

I

Figure 1

confirmed invasive carcer with ALNM
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Table 1 Clinicopathological features of the training set and validation set
a5 i *r[{?\ 2B (%, %60 T L 4 A2 (B8R, 200 i B 7 (A8 %K, 26D
[M(QR) . %] g4z K2 o fih AT fiph B fi Vst
PIE RS 232 49.00 (15.25) 95(40.9) 137(59.1) 197(84.9) 35(15.1) 101(43.5) 131(56.5)
LTS 100 50.00 (14.00) 46(46.0) 54(54.0) 91(91.0) 9(9.0) 55(55.0) 45(45.0)
Z/yME 0.993 0.538 1.753 3.242
P{E 0.321 0.463 0.185 0.072
151 8 i B T 7 52 PR (888, 6 Jok g i (&, 26)
Sh EZIR AFRIR W R ER W2 X B4 BRI 4
VeSS 232 127(54.7) 26(11.2) 48(20.7) 25(10.8) 6(2.6) 175(75.4) 57(24.6)
LTS 100 58(58.0) 4(4.0) 20(20.0) 14(14.0) 4(4.0) 75(75.0) 25(25.0)
Z/yi — <0.001
P 0.226" 1.000
ER(f%, 70) PR(#1%L, %0) HER-2({1%k, %7) Ki-67 ({142, %)
4153 ki
93 14 FH K3 BRI 1 [k E FH 44 <14% =>14%
V=S 232 46(19.8) 186(80.2) 63(27.2) 169(72.8) 182(78.4) 50(21.6) 67(28.9) 165(71.1)
Lian S 100 21(21.0) 79(79.0) 25(25.0) 75(75.0) 76(76.0) 24(24.0) 21(21.0) 79(79.0)
Z/yMH 0.009 0.074 0.121 1.841
P 0.924 0.785 0.728 0.175
i R 43 B (%, 06) Gy T B (%, 4)

A b SR NG i HoAlh Luminal A #! Il;nil;jl IET;:?] ;;S;; =B
Pl RS 232 205(88.4) 14(6.0) 13(5.6) 61(26.3) 93(40.1) 32(13.8) 18(7.8) 28(12.1)
Bk 4R 100 92(92.0) 3(3.0) 5(5.0) 18(18.0) 51(51.0) 10(10.0) 13(13.0) 8(8.0)
Z/xME 1.407 7.856
P 0.495 0.097
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Table 2 US features of the training set and validation set
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Pl 232 18.00(11.25) 191(82.3) 41(17.7) 29(12.5) 203(87.5) 85(36.6) 147(63.4)
B EAE 100 20.00(12.50) 77(77.0) 23(23.0) 12(12.0) 88(88.0) 30(30.0) 70(70.0)
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. [CEEHAC L 7] CDFI(fi%k., %) WETT(BIEL, %)
4151 1% - -
o5 f 0~ 1% I~ %% FHAE HR 3793
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P 0.976 0.148 0.058
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Z/yME 4.022 3.469
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Table 3 MRI features of the training set and validation set
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P1H 0.760 0.679 0.051 0.090
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Table 4 MG features of the training set and validation set
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Figure 2 The nomogram for predicting the risk of ALNM in breast cancer
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Figure 3 Comprehensive performance evaluation of the nomogram model
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Table 5 Multivariate Logistic regression analysis of the MICP model for the prediction of ALNM in the training set

A5 ik Ml = 7 % PRI R Wald y*fi P OR 95% CI
US-filr e i 0.788 0.388 4.128 0.042 2.20 1.03~4.70
US-k L] 0.697 0.293 5.653 0.017 2.01 1.13~3.56
MG-E il fiE 1.439 0.368 15.334 0.001 4.22 2.05~8.68
MRI-ifk L] 454 2.435 0.555 19.255 <<0.001 11.42 3.85~33.89
Jok A5 2 1.973 0.424 21.637 <<0.001 7.19 3.13~16.51
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Table 6 Multivariate Logistic regression analysis of the MIC model for the prediction of ALNM in the training set

s i VEEX o o 15 Wald y*{# P ORH 95%CI
US-ipdein 5t 0.862 0.356 5.849 0.016 2.37 1.18~4.76
US-tke ] 0.682 0.272 6.273 0.012 1.98 1.16~3.37
MG-$51L 0.792 0.346 5.237 0.022 2.21 1.12~4.35
MG-E HlfiE 1.461 0.344 18.063 <20.001 4.31 2.20~8.46
MRI-HELT] 2.373 0.533 19.812 <0.001 10.73 3.77~30.50
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Figure 4 Boxplot comparison of predicted probability distribution between the MICP model and the MIC Model
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