sk Ha
2025 -8 H

X OT o oK ¥ ¥ i
JOURNAL OF TIANGONG UNIVERSITY

Vol.44 No.4
August 2025

DOI:10.3969/j.issn.1671-024x.2025.04.010

ET EIT SRR B eE Al FRUE RS R T R

F o®HYE EVLERA
(1. KT RS BFS5EE TR, K3 300387; 2. REETAL RS i8R SRE ARG, R 300387)

O OE: ATEEAAB(EITERGFRTTRERBSEL L EF el T =% PA T 20 8 R AL T EIT &
R 28, B4 T EIT K56 7T F H45 B B 4R R B4 ARG R LS @Rk, #m
BT EITHRTFRAERBEANLL FHRILEAFETRMET @B, FRET HARLRENTR: L4
G F R4 BB R E AL R R AR 56 AR LR AR Ak Ao ) 1k T F e Bt R A
T EIT 69% 8677 F AL BB B T2 9 UK AR F AR 09 IR, A AN GG e A Ffe T LR E A A4
.

KB FRTFRAF BB & MF AL (EIT) ; AL A% 3 S Foik

REDZES: TP242;TP212 MRS A MEHS: 1671-024X(2025)04-0071-12

Research progress in smart wearable sensors based on EIT technology

WANG Qi'?, WANG Xin'?, DUAN Xiaojie'*?
(1. School of Electronics and Information Engineering, Tiangong University, Tianjin 300387, China; 2. Research Center
for Future Textile Technology, Tiangong University , Tianjin 300387, China)

Abstract: Smart wearable sensors based on electrical impedance tomography (EIT) technology have wide—ranging applica-
tions across industrial, medical, and electronic domains. This paper first outlines the principles of EIT imaging,
then summarizes recent research progress in sensor materials, hardware design, and software algorithms for EIT-
based smart wearable sensors. It subsequently provides a comprehensive overview of their applications in human—
machine interaction, intelligent robotics, and healthcare monitoring. Finally, the future development prospects
are discussed, including lighter, thinner, and more flexible sensor materials; optimized software algorithms, inte-
gration with loT and 5G technologies; and cost reduction through improved manufacturing processes. These will
enable EIT-based smart wearable sensors to expand their applications, thereby providing enhanced support for
healthy lifestyles and industrial development.
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Fig.2 Smart wearable sensors based on different hydrogels
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Fig.3 Sensor hardware system based on EIT
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