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Human activity recognition method based on CSI data preprocessing

SHI Weiguang, JIANG Haoyuan

(School of Electronics and Information Engineering, Tiangong University, Tianjin 300387, China)

Abstract: Aiming at the problems of redundant information and low recognition accuracy of existing CSI-based activity

recognition methods, a behavior recognition approach based on CSI data preprocessing is introduced. Initially,

subcarrier selection is performed based on the contribution of each subcarrier, effectively reducing redundancy

in the CSI data. Building upon this, a CSI dynamic feature enhancement algorithm is proposed to extract dynamic

components from raw CSI information, enabling accurate representation of human behaviors and thereby

achieving dynamic feature enhancement. The open—source CSI behavioral data is experimentally validated, and

the experimental results show that the accuracy of activity recognition after preprocessing is improved by about

30.5%. Compared with the preprocessing schemes of WiFall and WiAnti, the accuracy of the proposed method is

improved by 7.5% and 3.3%, respectively, which proves its effectiveness..
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Fig.3 Framework of activity recognition system
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Fig.4 Comparison of Pearson coefficients of subcarrier
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