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Optimal sampling analysis for GARCH model with high frequency data
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Abstract; Volatility proxies are an important statistic applied to estimate daily GARCH model by
using high frequency data. This paper proposes the criterions for choosing an optimal volatility proxy
by the asymptotic properties of three GARCH estimators based on the intraday high frequency data,
and the applications of these criterions in high frequency data sampling are also discussed. The empir-
ical study of the high-frequency data of CSI 300 index shows that: for the same volatility proxy, the
performance of different frenquencies is obviously different; for the same frequency, different volatility
proxies perform differently; each volatility proxy has a different optimal frequency under different esti-

mation methods. Consequently, the optimal sampling frequency for intraday high frequency data

should be treated differently among different estimation approaches.
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Table 1  The optimal sampling frequencies of different volatility represents under different estimation methods
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