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A survey of models for protein-protein interactions prediction

QIAN Bing, MA Bao-shan™ , LIU Yu

(School of Information Science and Technology, Dalian Maritime University, Dalian 116026, China)

Abstract: As the material basis of life activities, proteins participate in biological signal transmission,
energy and substance metabolism and cell cycle regulation through their interactions with each other.
Therefore, predicting protein-protein interactions ( PPIs) helps to understand life processes from a
systemic perspective, and provides an important foundation for the study of cellular mechanisms. At
present, advances in high-throughput sequencing technologies have enabled researchers to acquire
massive amounts of proteomics data. Faced with the large amount of potentially available data, re-
searchers have proposed various computational models for PPls prediction. In this paper, we review
the existing computational methods for PPIs prediction, classify them, and discuss their respective ad-
vantages and disadvantages. Finally, we conclude with a summary of the methods for predicting PPIs,
and suggest directions that can be studied in depth in the future.
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Table 2 PPIs prediction models and links to some algorithm codes
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