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An overview of virtual machine scheduling in cloud data center
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Abstract; To reduce the costs and energy of cloud data centers, virtualization technology is often used
to manage the resources, and the virtual machine scheduling is the key to resource management. In
this paper, we aim to investigate and analyze virtual machine scheduling technology in a comprehen-
sive way. We first introduce a type of virtual machine scheduling, and then analyze the optimization

method and optimization target of virtual machine scheduling respectively. Finally, we give the re-

search trend and direction of virtual machine scheduling.
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