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Multi-factor stock forecasting method based on a GA-Transformer model

CHEN Shi-le®”, WANG Xiao”, ZHOU Chang-jun®*
(a. School of Mathematics and Computer Science; b. Xingzhi College, Zhejiang Normal University, Jinhua 321000, China)

Abstract: In the domestic stock market, there are a large number of financial indicators used to de-
scribe the change of stock prices, which provide a good data basis for stock price prediction. Howev-
er, it is difficult to accurately predict stock prices because of a high dimensional correlation and the
time sequence of stock data. In order to improve the accuracy of stock price prediction, this paper
proposes a multi-factor stock prediction method based on a GA-Transformer model, which uses a ge-
netic algorithm (GA) for feature selection and a Transformer model for stock prediction, and improves
the ability of feature extraction. The experimental results show that the performance of the GA-Trans-

former model on six stock data sets, including CCB and Kweichow Moutai, is better than the main-

stream models.
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Fig.1 Flow chart of feature selection based on genetic algorithm
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Fig.5 Ten year stock price trend chart of China Construction Bank and Guizhou Maotai
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Fig. 6 Bank factor importance ranking results of China Construction Bank
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Fig.7 Bank factor importance ranking results of Guizhou Maotai
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Fig.8 Prediction results of test set of China Construction Bank based on GA-Transformer model
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Fig.9  Prediction results of test set in Guizhou Maotai based on GA-Transformer model
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