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Research on database performance for time series big data

LI Qing-yu, WANG Song-bo, LIN Wei-wei"
(School of Computer Science and Engineering, South China University of Technology, Guangzhou 510006, China)

Abstract : In the age of big data, the widespread application of the Internet of Things ( IoT) technolo-
gy has produced a large amount of time series data. How to choose the most suitable database to store
time series data is an important research content. However, the existing database performance com-
parison studies do not consider the specific application scenes of data, and lack performance compari-
son experiments in specific scenes. In order to choose the most suitable database for the current scene
from the databases with different storage structures when storing time series big data, we conduct
quantitative and qualitative experiments and analyses on relational databases, local NoSQL databases
and public cloud NoSQL databases in the application scenes of natural gas big data. Experimental re-
sults show that NoSQL databases are more suitable for storing time series big data than relational data-
bases. Furthermore, the database selection suggestions for different application scenarios are proposed.
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Fig. 1 Relationship between throughput and data write volume under different thread numbers
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