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Abstract: We proposed an improved echo state neural network model for the analysis and prediction of
long-term behavior of complex systems. The model introduced the delayed feedback of hidden layer
state to reflect the influence of the past time information on the current state of the system, avoiding
the shortcomings of weak memory ability and difficulty of obtaining optimal parameters in traditional
echo state network methods.
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Fig. 3 Colormaps for predicted errors of

delay-ESN on y-m plane
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