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Iterative Entity Alignment Method for Adaptive Feature Fusion
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Abstract: Aiming at the problems of insufficient training data and low accuracy of long-tail entity
alignment in the task of knowledge graph entity alignment, we proposed an iterative entity alignment
method based on an adaptive feature fusion strategy and designed an iterative strategy to automatically
expand the scale of the training data. This method utilized the structural information of the knowledge
graph and utilized relationships, attributes, and entity name information as semantic information to
assist alignment and improve alignment effectiveness. The experimental results on the dataset show
that the proposed model performs well in the task of knowledge graph entity alignment.
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Fig. 1 Overall framework of AFFIEA model
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Table 1 Information of DBP15K dataset

IEIE S BEE LB RRE BN S FR=Indl JB M = e it 5% 52 A%
DBP15K 5 i 66 469 2 830 8113 153 929 379 684 15 000
3 98 125 2 317 7173 237 674 567 755
DBP15K jy5 A 65 744 2 043 5 882 164 373 354 619 15 000
3 95 680 2 096 6 066 233 319 497 230
DBP15K ;. % 66 858 1379 4547 192 191 528 665 15 000
S 105 889 2 209 6 422 278 590 576 543
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Table 2 Comparison of experimental results of different models

B 57 H -3 H-3E
Hits@1 Hits@10 MRR Hits@1  Hits@10 MRR Hits@1  Hits@10 MRR
BootEA 0.653 0.874 0.731 0.622 0. 854 0.701 0.629 0. 847 0.703
MRAEA 0. 780 0.948 0. 849 0.758 0.934 0.826 0.757 0.930 0.827
CEAFF 0.933 0.981 0.951 0. 803 0.911 0.842 0.736 0. 869 0.785
RNM 0.938 0. 981 0. 954 0.872 0. 944 0.872 0. 840 0.919 0.870
AFFIEA 0.943 0. 985 0.963 0.893 0.967 0.918 0.871 0.953 0.906
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A SCHEE Y54 DBP1SK (VA A B dls %6 1 k4T AFFIEA BRI R Al sc g6, 4585 T3 3. i
F 3l L, YR kORI, AFFIEA #8A) Hits@1 545 FHET 9. 1 AN E 405, £ T A ST
FWE P A RLNE. B IS N R IE Al S R IS4G AFFIEA SRV R T 4.4 DN E AR PERER . X TR [F] 48
IR R, YL ERN, BRVERETRERZ . TR T 42.3 DS BEUIEE I (5 B 5L 54T
S EE. CRFERMBEMGR TN % AFFIEA BEA R T 3. 1 ANA 20 sl 404 DA Sy s PERE§2
Tt LTRGBS AFFIEA SRR AL T 13. 8 A 2 sl my MR IR T, UEWIBRZ5 M 15 B4, AN RS B
Xof SRR FEAT: 55 1 O RR AR B A 22 HE SRS FRAE B
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Table 3 Results of ablation experiments of AFFIEA model

A DBP15K; 5 A DBP15K; s
T Y F5E Y
Hits@1 Hits@10 MRR Hits@1 Hits@10 MRR
AFFIEA— %514 0.520 0.811 0.612 |[AFFIEA—&fCRHE  0.852 0.956 0. 882
AFFIEA— %X & 0.912 0.976 0.931 AFFIEA— H i& b 0.899 0.968 0.926
AFFIEA— J& 0.899 0. 969 0.925 SFAIE Al
AFFIEA— A Z K 0.805 0.948 0. 858 AFFIEA 0.943 0.985 0.963
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