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Abstract: In order to improve the accuracy of defect identification technology in ultrasonic testing of GFRP,
a detected model based on the recurrence quantitative analysis (RQA) and multiple kernel learning support
vector machine (MKLSVM) was proposed to improve the ability to detect different types of defects in glass
fiber reinforced polymer (GFRP). The results show that the proposed detected model can accurately identify
delamination defects and inclusion defects in GFRP, and the detection recognition rate reaches 92.92%.
Compared with the recognition rate of the MKLLSVM detection model based on discrete wavelet transform
(DWT) and empirical mode decomposition (EMD), the recognition rate of the proposed detection model has
increased by 7.5% and 3.75%, respectively.
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Fig. 3 Ultrasonic detection signals of different areas
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