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Abstract: Low-level laser therapy (LLLT) has been considered as a new noninvasive photodynamic
therapy that provide local treatment. Currently, the development of LLLT is limited by the complexity of
medical assay methods and the requirements of professional experience in identification of light formulas
for different diseases. Here, a label-free identification method based on artificial intelligence (AD) assisted
terahertz imaging is proposed for efficient light formulas in LLLT of acute lung injury CALD. The Al-
assisted label-free terahertz imaging is performed by automatic identification algorithm based on a voting
classifier. The results indicate that the therapeutic effect of LLLT with different light wavelength and irra-
diation time for ALI can be identified by this method with a high accuracy of 91.7%, which may serve as
a new tool for further development and application of LLLT.
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Fig.1 Schematic illustration of the ALI model under LLLT
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