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Construction of technology and application of knowledge graph in power safety

TANG Buzhou, HU Han
(School of Computer Science, Harbin Institution of Technology, Shenzhen 518067, Guangdong, China)

Abstract: Due to its efficient data management and reasoning capabilities, knowledge graph technology has been widely used in
many fields, and has great application potential in power safety production and safety management. Researchers all over the world
have began to study knowledge graph for power safety production and management, but the studies are still in the initial stage. In
order to effectively promote the construction of power safety knowledge graph and the development of its application, a systematic
investigation is conducted on the related technologies of power safety knowledge graph, and the problems faced in the production and
management of power safety, the forms and characteristics of power safety data, the status quo and application of power safety
knowledge graph construction technology in detail are introduced. In the case of the construction of power safety knowledge graph,
the common methods and models are presented, and the application part of power safety knowledge graph mainly includes the safety
risk prediction, post safety management and the scene introduction of safety knowledge learning. Finally, we point out the
shortcomings of the existing research on the knowledge graph of power safety and the possible research directions in the future
through comprehensive analysis.

Key words: power safety; knowledge graph; construction of knowledge graph; knowledge extraction
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