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Entity disambiguation method based on graph attention networks

NIU Zequn', LI Xiaoge">’*, QIANG Chengyu', HAN Wei', YAO Yi', LIU Yang’

(1. School of Computer Science and Technology, Xi’an University of Posts and Telecommunications, Xi’an 710121, Shaanxi,
China; 2. Shaanxi Key Laboratory of Network Data Analysis and Intelligent Processing, Xi’an University of Posts and Telecommuni-
cations, Xi'an 710121, Shaanxi, China; 3. Xi’an Knowledge Discovery and Application Engineering Technology Center, Xi’an

University of Posts and Telecommunications, Xi’an 710121, Shaanxi, China)

Abstract: We propose an entity disambiguation method based on graph attention networks for semi-structured knowledge base data.
First, a global knowledge graph is constructed from the semi-structured knowledge base, and the entity reference items are embedded
by Bert pre-trained model meanwhile. Next, graph attention networks which leverages masked self-attention layers is applyed on can-
didate entity nodes of global knowledge graph to fetch a vector of node level. Furtherly, we com pute similarity scores rank between
the entity reference items and the candidate entity to complete the task of entity disambiguation. The experimental results on
CCKS2019 dataset achieve state-of-the-art.

Key words: entity disambiguation; knowledge graph; keyword extraction; graph attention networks; natural language processing
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Fig.2 Example of a disambiguation task linked based on knowledge graph entities
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Table 5 Ablation experiments

(11)

Y A/ % P R F,
BERT 71.7 0.76 0.78 0.77
BERT+GAT 72.2 0.71 0.72 0.71

BERT+Tf-1df+GAT 81.3 0.83 0.82 0.82
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Table 6 Baseline model comparison experimental results

Fi Y A/ % P R F,
BERT 71.7 0.76 0.78 0.77
BERT+Local Attention 78.5 0.77 0.78 0.77
BERT+GCN 69.8 0.71 0.69 0.70
BERT+Tf-Idf+GCN 76.0 0.77 0.78 0.77
BERT+Tf-Idf+GAT 81.3 0.83 0.82 0.82
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