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Research on Forest Dynamic Changes Based on GEE

——Taking the Central Station National Nature Reserve as an Example

ZHAO Chenxi'”, YAO Yunlong'”, WANG Wenji'*, FU Yi'?, ZHANG Pengfei’ ,
ZHANG Bing’, PAN Mingzhe’
(1. Wetland Biodiversity Conservation and Research Center, Northeast Forestry University, Harbin 150040, China;
2. College of Wildlife and Protected Area, Northeast Foresiry University, Harbin 150040, China;

3. Heilongjiang Provincial Natural Resources Rights and Interests Investigation

and Monitoring Institute, Harbin 150080, China)

Abstract: Forest resources are extremely precious natural resources in our country, and the accurate in-
formation of forest components is very important to the protection and management of forest resources. How-
ever, the traditional field forest inventory is time — consuming and laborious, so a fast and accurate survey
method is urgently needed. Based on Google Earth Engine ( GEE) cloud computing platform and multi —
temporal Sentinel —2 images, a stochastic forest model was established based on terrain, climate and other
environmental factors, and the forest communities of Heilongjiang Central Station Black Grouse National Na-
ture Reserve in 2019 and 2023 were classified. The results show that the overall accuracy of classification is
0.90, and the kappa coefficient is 0.87. Among them, topographic factors (elevation and slope) have im-
portant effects on classification results. In addition, in order to clarify the changes of forest communities in
the two periods, we conducted a spatial analysis and identified the birch community as the forest community
with the most drastic changes. This study has drawn a forest community distribution map with high accuracy,
which provides a scientific basis for the subsequent management system and policy of Heilongjiang Central
Station Black Grouse National Nature Reserve.

Key words: large —scale forest mapping; forest community change; GEE ; random forest; Sentinel —2
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