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The application of artificial intelligence in the study of the Belt and
Road Initiative

WU Hao
(School of Software, Shandong University, Jinan 250101, Shandong, China)

Abstract; With the deepening implementation of the Belt and Road Initiative ( BRI), artificial intelligence ( AI) has been
increasingly applied in several key fields, including risk assessment and prediction, public opinion sentiment analysis and hot topic
mining, transportation logistics and trade optimization, environmental protection, and sustainable development, as well as cultural
communication and education. Artificial intelligence, through technologies such as deep learning, machine learning, and natural
language processing, has significantly improved risk prediction capabilities and management accuracy, optimized logistics network
efficiency, facilitated green development, and enhanced cross-cultural communication. This study systematically reviewed the
research progress of artificial intelligence in various key fields of the Belt and Road in recent years, focusing on specific
achievements and innovations in practical applications. The limitations of current research, such as low data acquisition quality,
insufficient interpretability of artificial intelligence models, and difficulties in cross-domain collaboration and application
transformation were analyzed. The future research directions were proposed.

Keywords: artificial intelligence; the Belt and Road; risk assessment; sustainable development; cross-cultural communication
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Fig.2 The framework of convolutional neural network algorithm
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