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WANG Yuou', YUAN Yingchun'**, HE Zhenxue', HE Chen'
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Abstract: In order to effectively solve the entity attribution and entity nesting in the academic domain of universities, a Chinese
named entity recognition model Multi-feature BIGRU-MHSA-CRF (MBMC) was proposed based on multi-feature fusion. The text
semantic features of the model were represented from three aspects of character, word and position to enrich the multi-dimensional
semantic features of academic text. The feature vectors were fed into BiGRU ( Bi-directional Recurrent Neural Network) to capture
global semantic features. In order to solve the problem of entity boundary delimitation in the academic domain of higher education,
the attention mechanism was improved by introducing a multi-head self-attention mechanism with @, K, and V weight matrices and
increasing the learning parameters to improve the recognition accuracy. All possible label sequences were output to the CRF, and the
entity label sequence was generated by CRF decoding. The experimental results showned that the F, value of the model reached
89.57% and 86.14% in the public dataset CoNLL2003 and the college academic domain dataset, respectively. It was better than other

traditional models.
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Table 5 Comparative experimental results at
the sentence level
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Table 6 Entity-level recognition results under classification and labelling
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