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Corrosion detection technology of stereo garage based on color
and texture features
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Abstract: A new method based on color and texture features was proposed to meet the urgent need of corrosion detection in
stereoscopic garage. Gaussian filtering and gamma transform were used to solve the problem of uneven illumination of corrosion
images. The color feature selection of corrosion was realized by using hue saturation value( HSV') color space, and the texture feature
analysis method of corrosion based on gray level co-occurrence matrix was proposed to measure and analyze the shape of corrosion
area. Combining histogram of oriented gradients ( HOG ) feature extraction and support vector machine (SVM ), the corrosion
detection of stereoscopic garage was realized. The experimental results showed that the accuracy of rust identification using this
method reached 93.19%, achieving visual detection of rust on the surface of the stereo garage, significantly reducing external
environmental interference.
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Fig.1 Flow chart of image preprocessing
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Fig.3 GrabCut algorithm experiment results
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Fig.5 Texture feature recognition
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Table 1 Results of corrosion measurement and analysis
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Fig.7 Examples of images from the rust dataset
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Table 2 Results of corrosion measurement and analysis
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