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Abstract: The sparsity and texture distribution of an image have a significant impact on its compression
performance. To achieve effective compression of fundus images, this paper proposes a content adaptive block
based soft compression algorithm (ABSC) based on soft compression algorithm, and improves the gradient
adaptive predictor. Firstly, the image is subjected to reversible color component transformation to obtain YUV

components, and then adaptive predictive encoding is applied to different components. Secondly, the Y
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component is differentiated into subblocks with different features based on variance, appropriate predictors are
selected, and subblocks with the same continuous prediction mode are concatenated and merged to form a new
set of subblocks. Finally, the corresponding predictors are selected for encoding the subblocks of the set
according to the prediction mode, thus achieving adaptive block coding. The experimental results show that
compared with the soft compression algorithm, the compression ratio of our algorithm on DRIVE dataset,
CHASEDBI dataset and the dataset collected by the research group is improved by 6.8%, 4.3%, and 4.1%,
respectively, and is superior to typical traditional lossless compression algorithms, verifying the good per-
formance of the new algorithm in lossless compression of fundus images.

Key words: image lossless compression; predictor; content adaptive partitioning; reversible color compo-

nent transformation; variance
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