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Abstract: Under the background of “dual carbon” target, the power industry has been devel-
oped rapidly. The demand for power quality and quantity in all trades and professions has in-
creased sharply, which has brought great challenges to the safe and stable operation of the
power system. In order to improve the overvoltage fault identification accuracy of power sys-
tem, an overvoltage fault identification model based on Markov transition field (MTF) and
convolutional neural network (CNN) fusion attention mechanism (AM) is proposed. MTF
technology is used to transform one-dimensional time series data into two-dimensional planar

feature graphics. which improves the feature extraction ability and learning efficiency of the
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convolutional neural network and the attention mechanism. Then the MTF-CNN-Attention
model is compared with the existing GoogleNet, AlexNet, ResNet-50 and VGG models. The
results show that compared with the above four models, the recognition accuracy of MTF-
CNN-Attention model is improved by 5.36% . 7.26%, 3.74% and 4. 85% respectively, ex-
hibiting better recognition accuracy.

Key words: Markov transition field; convolutional neural network; attention mechanismj;

overvoltage fault identification
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